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e Named Entity Recognition (NER) is a method for tagging
words in digitized corpora as names of entities: people,
places, organization and so on.

e The group’s aim was to investigate what kind of insights
the use of pre-tagged data can yield from three different
perspectives



Main/primary data sources

The data for the group’s work is the NER tagged version of the collection
National Library of Finland’s is provided by the Language Bank of
digitized newspaper collection, Finland and shared through the open
which contains all of the newspapers KORP service.

and periodicals published in Finland
from 1770 to 1910.
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Connections to external data sources

W limiarhisto
Proper names have natural connections outside the corpus. Namnarhwgr
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They can be combined to outside sources to enrich the data. NummquuvA )
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Tools and analysis
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Frequency per million words
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Luku kertoo, kuinka suuri osuus mainituista
henkildista on ollut naisia edellisen 24 tunnin
aikana julkaistuissa jutuissa.

—— MEN
600 WOMEN
400 - M"’J\
200 -
0 ; ,

1870 1875 1880 1885 1890 1895 1900 1905

. Men . Women



% Female names mentioned in 1905
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Topic modelling

word word word word word word word word NAME word word word word word word.

Window size = 11



Results: topic modelling
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Results: topic modelling for male names 1905
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Co-occurrences of persons in all Finnish-language papers published in 1907
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e Aim to to identify patterns in the networks that would provide ideas about the social capital of prominent

figures.

In practice, we learned more about how the structure of newspapers produced connections between people.

2,383 associations in toto 1907.

The inner ring tells us about highly linked people, whereas the outer ring tells us about ephemeral and less

complex associative structures.

e Many of the associative clusters were occasional: advertisements, election lists, contemporary politics and

media events » pragmatic associations
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Female MPs from the Aatto Sitdius Ailio
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Beyond short-term networks 1 » Politics

e Concentrating on a selection of persons » less “noise”, more meaningful associations.

e Associations in 1907 between female MPs from the first unicameral parliament in 1907

e Female MPs were unsurprisingly more often associated with other women (both MPs and
outside the parliament) than was the case with men.

e As compared with male MPs they come across as pivotal figures in their own party as measured
by associations to other people.

e Second order affinities suggest that female MPs from the Social Democratic party were more
closely associated with MPs from the Finnish party than the Young Finnish party.
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Beyond short-term networks 2-3? » Longer perspective (a decade) // From newspapers to

periodicals?

e Alonger perspective shows us more persistent links, but visualizing change was more difficult.

e Periodicals contain less advertisements » less “noise”, more meaningful associations &
possibility to identify authors and how they produced networks

e They provide a possibility to look at social capital in the making by focussing especially on
foreign canonical authors and how Finnish authors were associated with them

e With Valvoja, we could also try to identify authors to get a more fine-grained picture



Newspaper mentions of people in National Biography

e [Extracted 307 people from Biographies who lived in 1830-1910
o with known years of birth and death
o with 47 different types of profession

e Quering the Newspaper database for person mentions
o  All newspaper material between 1850-1909
o the query used a person’s full name; name variants, e.g. with changed family name, or
initials, were not concerned
o produced histograms based on number of mentions by year and age
o histograms for individual person and grouped by professions



Newspaper mentions of people in National Biography

Individual person with a timespan of her/his lifetime and ten years after
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Newspaper mentions of people in National Biography

All 307 people
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Newspaper mentions of people in National Biography

Grouped by professions, 3 examples:
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Places and newspapers
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| [Name Hits X Y Finland/Abroad
2 |Helsinki 117383 2777267 8438430 kotimaa

3 [Suomi 103659 2894307 9349764 kotimaa

1 |Turku 80521 2478736 8500996 kotimaa

5 |Tampere 63735 2645095 8741019 kotimaa
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7 |Oulu 43498 2835541 9612003 kotimaa

3 |Pietari 40234 3374836 8388614 ulkomaa
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Results

The results shows which place names were used in the newspapers and where these places are.

Basically, many kind of conclusion can be made based on the place name data produced.

Examples:

- The amount of Finnish or foreign places mentioned in newspapers

prosent

hits prosent
27300 0.728135919 Finland 7205 0.930998837 Finland
10193 0271864081 Abroad 534 <0.069001163Abroad

Tyomies (1870-1910) Heinolan Sanomat (1908-1909)



Examples:

Heat Map 1:

Place names mentioned in the paper ' . .
Tydmies (1895-1910). Heat Map 2: Place names mentioned in the

Most of the mentions are from bigger paper Heinolan Sanomat (1908-1909).

towns: Helsinki, Tampere, Turku, Viipuri
and Kuopio.



Further research
possibilities

The data could be used, for
example, to study the area of
distribution (to whom the
paper was aimed) that
different old newspapers had.

Heinolan Sanomat, here
as an example




Conclusions & Further work

Proper names provide a viable access point to newspaper data from many
different perspectives

e Density of information
e Links to outside information sources
e (entrality in newspaper reporting

The group was able to set up workiflows and make interesting exploratory
observations. Interpreting and examining them further would follow next.
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